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Al Market

According to Gartner

Al Software Forecast and Growth
In Millions of U.S. Dollars

B Al Software Market Growth

19 A By 2027, spending on Al software
will grow to $297.9 billion with a
CAGR 0f19.1%.

A Over the next five years, the market
growth will accelerate from 17.8%
to reach 20.4%in 2027.

A Generative Al software spend will |
rise from 8% of Al software in 2023 ;
to 35% by 2027.

NOTE:[1]AiForecast Analysis: Arti f20x27, Wornled wGatdrercane( S0F3 )war e, 2023


https://www.gartner.com/en/documents/4925331

Generative Al Opportunities
93% of CDOs Feel Data Strategy is Crucial to Generative Al Value

How has your data environment changed to support or enable generative Al?

What is the biggest challenge for your organization in realizing the potential of generative Al?

Challenge

No change

Data integration or c
gen

Survey of data that might support ge
Alu

Skills ne

Data liter

Data infr

Other (please s

The global generative Al market size is projected to grow
from $43.87 billion in 2023 to billion by 2030, at a
during the forecast period?!

SOURCE: fiCDO Agenda 2024: Navigating Data and Generative Al Frontiers. 0 ( 2AW3sBalic,com
NOTE:[l]AiGener ati ve Al M eFortureBusirfessinsighteiconh 2 0 2 3 )



https://d1.awsstatic.com/psc-digital/2023/gc-600/cdo-agenda-2024/cdo-agenda-2024.pdf
https://www.fortunebusinessinsights.com/generative-ai-market-107837

Enterprise Use Cases

Generative Al Examples by Industry

Retall

+ Personalised Product Recommendations
+ Inventory Management

+ Customer Experience Enhancement

+ Price Optimisation

+ Supply ChainOptimisation

Financial Services

+ Fraud Detection and Prevention
+ Personalised Financial Advice
+ Credit Scoring Models

+ Risk Management

+ Automated Document Processing

Consumer Goods

+ Product Design and Development
+ Market Trend Analysis
+ Quality Control

+ Demand Forecasting

—+

Targeted Marketing
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Healthcare

+ Drug Discovery and Development

Personalised Medicine

+

+

Medical Imaging Analysis

+

Predictive Analytics for Patient Care

+

Synthetic Data Generation for Research

Oil and Gas

+ Exploration and Reservoir Simulation

Predictive Maintenance

+

+

Supply and Demand Forecasting

+

Safety and Risk Assessment

+

Energy Efficiency Optimisation



Common Al Challenges

Key points to consider

74% surveyed listed Data
Regulatory and Legal Challenges Privacy as their top concern?
A The evolving nature of generative Al raises regulatory and legal challenges.

A Businesses must stay abreast of relevant laws and regulations, such as intellectual
property rights and data protection, to ensure compliance and mitigate legal risks.

68% surveyed listed Misinformation

a E 9 E Data Avallablllty and COmpleXity as their next highest concern?
=== A Implementing and maintaining generative Al systems requires vast amounts of high -
86 quality, holistic, and governed data to effectively train the data models
A Businesses cannot afford to invest in training their staff, collaborating with external
= B8 experts, or hiring a village to ensure effective Al outcomes

Data Quality & Reputation

A Al relies on vast amounts of data, raising concerns about data quality.

A Businesses must implement robust measures to ensure data is accurately observed
information to maintain customer trust and safeguard their reputation.

NOTE:[1]d?Xi p! t ! Bgs b e WPROMBTEGMLY ) 3134 * - |
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https://www.wpromote.com/blog/digital-marketing/ai-fears

There iIs NO Al without Trusted Data

Al is at risk of bias and poor outcomes unless the data is of high quality

WHY Al FAILS?

POOR QUALITY DATA

A Data is critical when it comes to securing
successful Al outcomes.

A Trusted data helps Al learn to make a
recommendation or perform a task.

A The more fit for use data sourced, the better the
outcomes
DO YOU WANT TO PREVENT Al FAILURE?Z

Cost of Poor Data Management!

A d&verage cost of poor data quality at $12.8
million per year.J

A d&l models depends entirely on the
accessibility, quality, granularity, and
mbufodz! pg! zpvsL]pshlg

NOTE:[1]dzUi f 't uf f g! dptu! pg! b! gpps! e bGddom b NOTE:f2JdiGdhun!ptvu s Buwfbhez/uljlid)t 3 1bp410BOIN! Ej t bt uf st/ LI ) 3134* -

Data and Al bias

86% of Australian business and IT decision make
believe data bias will become a bigger concern ag
AI/ML use increases

Yet over a third (34%) have not looked at
technology and tools to help in tackling it.

Bad Al Leads to Attorney Sanctions?

A Used generative Al to find prior cases to
support a case

A At least 6 of the Al findings did NOT exist

A As of June 2023, Schwartz was facing
b u j ppssibletshnetibng by the court.

MS Chatbot Spew Racist Tweets?

Used uncleansed Twitter interactions for
training ML models

Within 16 hours, more than 95,000 tweets
posted, and rapidly turned overtly racist,
misogynist, and anti-Semitic

Misdiagnosis due to Errant Al 2

Hospitals used Al to diagnose & triage COVIDB19
patients faster

Al model was flawed because it was trained on the
wrong data set

Mislabeled data or data from unknown sources
was a common culprit.



https://www.cio.com/article/190888/5-famous-analytics-and-ai-disasters.html
https://www.cio.com/article/481792/the-steep-cost-of-a-poor-data-management-strategy.html

The Great Data Divide

A Unequal data access

A Low use of data to inform decision -making; 77% cite data intelligence is a challenge |

A CDOs rank poor data literacy as one of the top internal roadblocks

Decentralised Data Products Dilemma

A Decentralised teams expected to produce datasets without relevant skills or tools

A Distributed data creation leading to declining data quality
A Dark data proliferation; 50% of useful data is not analysed

Overwhelmed Data Teams

A Slow data supply chains due to overwhelming demand for data engineering
resources

A Data Engineers spend 40% of their time in documentation, requirements
gathering and maintaining pipelines

© Informatica. Proprietary and Confidential.



3 Key Al Themes

Data Management
(o] gAY

Your own Atrtificial
Intelligence (Al) solutions

A Need holistic, high-quality,
governed data management
(DM) to deliver trusted Al
insights to fuel your
competitive advantage.

N

Al-Powered Data
Management

Al Powered Data Management
Solutions

A Al-powered insights to data
management

A Dramatically accelerates data
discovery, integration, quality,
governance, and master data
management.

© Informatica. Proprietary and Confidential.

GenAl Data
Management

Data to All

A Dramatically simplifies how
organisations access and
manage data

ATurbocharges data
democratisation

A Exponentially increases the
productivity of data teams
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First Al Theme

Data Management for Al
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The Data Science Workflow

Streamlined Data Management is the Data Science Supercharger

.
Collect
O ‘ ' Train Predict
Curate ‘

Exploratory Data
Analysis

60% 20%

© Informatica. Proprietary and Confidential.
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Discovering and Understanding Data

Data
Scientist
al ger Data r
. ager
Engineer
ort ginee
reator
Team
Data
Scientist

@ Technical skillset
@ Non-technical skillset
@ Hybrid skillset

Data
Consumers

ETL
Developer

alyst

Many methods of finding data, always shifting, progressively risky Demand and usage
tracking is patchy , as
Find within Peer to . . access requests are
Finding Data  DataLakel | 05 o 08 | SSET WOl peer | cooge SIS SIS WESMTS
Apps 9 P sharing J across the data

estate

D b ofihduthe
right data?
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Ensuring that Data Is Fit for Business Use

4th Mainrd

Profile

Data Quality Checks:
Turn by turn

directions for data
engineering instead
pg! dz f bej

Fuzzy Lookup/Match

Source Data

System of Record

Biluxi

KitKat

V‘ Informatica

Kit-Kat

f

t

Standardise Parse

Example  KitKat Text Data: Call Center Comments, Social
1: Kit-Cat Kit-Kat Media, Product Descriptions

Kit Kat
| love my Pink 64GBiPad Pro!!!

Example  North Central
: idwest Central
x f t2-u I‘ggreat Lakes

Currency code must be consistent with
country code AddressL1: 1008 Avenue of the Americas

Address[2- Suite 7

Employee ID must be unique City- MNew ork
Siate: WY

If customer tier is bronze then max Zip CE-E"iE_Z_

credit is 1000 Longitude:
Latitude:

All ICD10 codes must have a verified
description



Ability to Source Data

Gsbhnfoufe! Mboetdbgf! pg! Bggmj dbuj pC)t-'.

Applications/SaaS

ERP SaaS
gg I
10T CRM

~500+

cloud apps in use in most
organisations

Data

Structured Data Reaktime

@ [

Unstructured Batch Data
Data

10 petabytes

of data stored by average enterprise.
180 zettabytes total by 2025

288

Data Architect Business User

<01>

Developer

AN AN

CIONT Leader CDO Data
Scientist

believe technology democratisation is critical to ignite

innovation

Data
Engineer

1’5 Informatica
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Consolidate Data into a Single Source of Truth

Applications

[
ORACLE

: ]‘c')r'cc

Legacy

Legacy

Databases Systems

Third Party Data

Integrate Cleanse

Govern Enrich

MASTER DATA
MANAGEMENT

Steward

Match

Operational

==
ORACLE
SIEBEL

Legacy
Systems

Analytical

amazon
web services”

Data
varenouse - ce
Warehouse g siness
Intelligence

Single View of Your Critical Data DomainsEnabling Better Al Outcomes



Trusted and Timely Data with Data Governance

Governance Democratisation Observability

Simplify trusted data Accelerate time to value Achieve reliable analytics

deliveryand end to end for data-driven outcomes, Insights by monitoring
data governance, including connecting data producers pipelines, data science
Al Models governance and consumers models, and improving

data accuracy

© Informatica. Proprietary and Confidential.
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Data Management Capabillitiesto drive Al Initiatives

Data Governance and Data Marketplace

A Shared Business Context
A Ownership, Policy, and Rules
A Improve Data Literacy and Data Sharing

Data Quality

A Automatic quality
monitoring

A Made-to-order data
cleansing

A Data curation

Data Integration & Data
Engineering

A Automate data delivery

A Ensure continuous delivery
at scale

A Any pattern data integration

A Feature engineering

Master Data Management

A Ensure reliability
of key data domains

A Data domain consolidation
and enrichment

<KL LKL LKKL

Where is the data | need?
Xibult!jo!'ju@
Is it any good?

How can | clean it?

Can | use it?

Should | use it?

Who owns it?

How do | get it?

Can | access it securely?

Data Catalog

A Technical Metadata Inventory
AdiNbg! pg! ui f! Foufsqgs|]
A Impact Analysis and Data Lineage
A Data Classifications

Data Preparation ,
Ad:Gj sf! boel gpshfu#!]
provisioning :

A Reduce cost of fulfillment

Data Access Management

A "Trust but Verify" Policy

A Monitor and manage data
proliferation risk

A Role-based or Policy-based
Data Access Management



Garbage IN

() Informatica

Al

© Informatica. Proprietary and Confidential.

Garbage OUT
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Second Al Theme

Al for Data Management
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Challenges that Al paired with Data Management will
address

Scale & Agility Policy & Trust Skills & Literacy

© Informatica. Proprietary and Confidential.



Al Generated Classifications

@ Key Highlights
Al

A Conventional classification methods based on
Regex, algorithmic pattern recognition and
reference data requires a lot of manual
development work initially to create
organization specific classifications

A Al Generated Classifications can work without
any access to data, using only metadata to
generate classifications

kSR Eh

pEEEE Nl g aERE

I N = I

Benefits

A Al Generated Classifications will automate the

process of classification creation by using
pshboj {bujpo!t!nfubebub boe!ebub! gbuufsot

This is expected to reduce time to curate and create
classifications by 70%, saving each organization by
upwards of $100K per year

4’5 Informatica




Inferred Data Lineage

@

A Complement existing derived lineage from auto-
connection assignment and code logic parsing

A Fill the gaps and extend derived data lineage with
inferred lineage

A Curation Inferred Lineage by subject matter

experts
\O,n Benefits

A Enhance productivity of experienced data
management professionals with fully automated
workflows

A Democratize data and data management by
enabling non-technical users create
specifications and perform basic data
management tasks on their own

l} Informatica

A Visual curation on lineage diagram
A Bulk curation on tabular format

A Filtering

A Collaboration and Comments

QLabs Orders Reporting ¢y publs

23



Powered Data Access Management

cdam_FIRSTNAME
ule

A Al Generated Classifications allow to identify
which fields are sensitive

A Access Control Policies are defined against
Data Classifications

A CDAM applies policies dynamically on read or
at runtime on write (based on context)

Benefits

O

Y ra

H:h A Minimize the potential for human error in
manual classification processes

A Robust risk mitigation measures against
unauthorized access to data

A Enhance efficiency with faster time -to-value and
lower TCO, avoiding multiparty solution

4 é Informatica 24
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Generated Data Observability

A Automation of data quality rules application
per governance policies

A Data quality execution and monitoring across
all instances of the business entity

Benefits

A Data Quality Automation takes away
mundane work and saves 100s of hours of
work thus reducing the manual work by as
much as 80%

A Provides a more complete Data Quality view
by automatically increasing coverage to over
60%

v\ Informatica

Dimensions Latest Scores

Accuracy 2)  Completeness (7)

91.84% 97.28%

Rule Occurrences (13)

Name

Relationships Data Quality

validity (4)

97.07%

T+0%

© ora_retail_till_data_obs

Open Events by Metric

Stakeholders

Attributes

Tickets

Rules Against Target

Accuracy (2)
Completeness (7)
Validity (4)

Open Events by Severity

25



Data Parsing and Structure Discovery

A File pattern recognition and structure
derivation

A Usage of custom ML-powered NER (named
entity recognition) and NLU (natural language
understanding) mechanisms to identify fields
and field types

A Data and schema drift

Benefits

A Automatic file ingestion and onboarding
processes to extract and use information out b
of complex files (machine data, application
data, logs,nons f mbuj pobm! gpsnb t A*

A Reduce errors to detect Pl information,
mitigating risk and improving security

4 é Informatica 26



Self Integrating Systems

A Fully automated data pipeline generation

A Support for unstructured, semi-structured
and hierarchical data sources

A Automated creation data masking, cleansing
and standardization rules

A Support for join, union, normalization and
denormalization of data sources

Benefits
A Automate, accelerate and simplify all data
management activities

A Democratize data and improve productivity
for all Personas

A Fully autonomous DI experience

v\ Informatica

Fully Automated Data Pipeline Generation

Design Time Run Time
Type Manual vs. Automated
Manual Manual
Augmented Manual Automation

Autonomous Manual  Automation

Operations

Avg Time
Months/Weeks
Days

Mins/Hours

27



AKmart has more than 30,000 employees
and operates 234 stores across Australia
and New Zealand, with its head office
located in Mulgrave, Melbourne.

Almproved data quality; quadrupled online
sales by introducing products 4X faster

[a] Shop at Broadway

[ 1 o}
- s 2 s
Stores Bag  Wishlist Sign In/Up

Kids & Baby  Toys

5 Deliver to Sydney 2000

Home & Living  Womens  Mens Beauty  Sport & Outdoor Tech  Online Exclusives  Catalogue

@} Order before 12pm for 4pm collection Track my order I;‘g. Free Delivery over $65

Latest Arrivals

4

4

Home & Living Storage Womens

Profile_PERSON_..

i Definifion  Roles

View:  Columns and Rules

Profie run 16,0 16 | 12 of 13 Columns

Meties  Schedule  Insighs

v with: All Sialisies

1 of 11 Rules

142 Rerws (ANl rows)

MNow 24, 2023, 6:27:08 PM

7

Columns

Value Distribusion

% Nan-dish

Profile_PERSON_...

Results

View.

All Insight Types

Definition Rules Metrics Schedule

All Columns

# Non-disé.

# Patterns

% of Top. ~ Trend

Tree

% Chonge.

MNen-distinct

™ Data Types 6]

varchar(10}
[ Decimal(e)
O inegerlé)

Siaid)

[] Hide Rejected Insights

A g

O

Insight Statement

Score

Insight Type

Columns

The length of the data values in the column has a high standard deviation
The number of tokens in the column hos o high standard deviation
The dota may contain special characters
The length of the data values in the column has o high standard deviation
The number of tokens in the column has o high standard deviation
The data may contain special characters
ric values found outside the 95% standard deviation range
The length of the data values in the col

n has o high standard deviation

The length of the data values in the column has a high standard deviation

Data appears incomplete. The column includes one or more null, blank, or empty values or valu.

The length of the data values in the column has a high standord deviation
Numeric values found outside the 95% standard deviation range
Data appears incomplete. The column includes one or more null, blank, or empty values or valu

The length of the data values in the column has o high standard deviation

Unusual variation on the number of blank values, null values, and empty values in the column b..

The length of the data values in the column has a high standard deviation

Data appears incomplete. The column includes one or more null, blonk, or empty values or valu
The length of the data values in the column has o high standard deviation

The number of tokens in the column has @ high standard deviation

Data appears incomplete. The column includes one or more null, blank, or empty values or valu

Medium
Medium
High
Medium
Medium
Medium
Medium
High
High
High
Medium
low
Low
High
High
High
High
High
High

Medium

Column Length Deviation
Column Token Deviation
Special Characters
Column Length Deviation
Column Token Deviation
Special Characters
Number Value Distribution
Column Length Deviation
Column Length Deviation
Completeness Check
Column Length Deviation
Number Volue Distribution
Completeness Check
Column Length Deviation
Completeness Variation
Column Length Deviation
Completeness Check
Column Length Deviation
Column Token Deviation

Completeness Check

FULLNAME
FULLNAME
FULLNAME
MOBILE_OPT_IN
ADDR_ID
EMAILADDRESSID

EMAIL_OPT_IN

BUSINESSENTITYID
COUNTRY
COUNTRY
COUNTRY

SSN




Latrobe University

Latrobe University

A Leverages Al to automate data
classification as part of its governance
program.

A Uses Al to automate onboarding &
.27 mastering of students.

=N A Utilises Al to automate data quality rule
‘ creation

LA TROBE | {3 Informatica

UNIVERSITY+ AUSTRALIA



https://video.informatica.com/detail/video/6314023076112

|

& IHOrmatCa. Fropretaly ara coriaerita

A Recognized a 512% ROl moving to an
Al-assisted low code/no -code service
from Informatica.

A Witnessed a 75% performance
improvement in pipeline development
Xjuiluit f!vif mqglCPAREJ
engine
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cost savings
for data
management
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Up to
faster than
manual efforts

reduction in
DQ efforts

96%



