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Agenda

Emerging Best Practices for Architects

Modern Data Management for AI

AI for Data Management & Data Democratisation
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Modern Data Management for AI
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”By 2026, more than 80% of enterprises will have used GenAI APIs/models and/or deployed 
GenAI-enabled applications in production environments, up from less than 5% in 2023.”

Source: Gartner® Press Release, “Gartner Says More Than 80% of Enterprises Will Have Used Generative AI APIs or Deployed Generative AI-Enabled Applications by 2026  “October 11, 2023. GARTNER® is a registered trademark and service mark of 
Gartner, Inc. and/or its affiliates in the U.S. and internationally and is used herein with permission. All rights reserved. https://www.gartner.com/en/newsroom/press-releases/2023-10-11-gartner-says-more-than-80-percent-of-enterprises-will-have-used-
generative-ai-apis-or-deployed-generative-ai-enabled-applications-by-2026

Amazon
Bedrock

Amazon
Sagemaker

Google 
AI 
Platform

Azure
OpenAI

https://www.gartner.com/en/newsroom/press-releases/2023-10-11-gartner-says-more-than-80-percent-of-enterprises-will-have-used-generative-ai-apis-or-deployed-generative-ai-enabled-applications-by-2026
https://www.gartner.com/en/newsroom/press-releases/2023-10-11-gartner-says-more-than-80-percent-of-enterprises-will-have-used-generative-ai-apis-or-deployed-generative-ai-enabled-applications-by-2026
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Data Management & AI

72%
say that data 

management is a 
major obstacle in 

scaling AI use cases

79%
had some exposure to 

gen AI at work or 
outside of work, 
and 22 percent 
routinely use it 

in their own work

63%
said more than 5 

percent of their digital 
budgets will go to 

AI use cases
going forward

40%
of organizations using 
AI will invest more in 
AI overall because of 

advances in 
Generative AI
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Is your data ready to empower your
teams and deliver trusted data for AI?

Top Generative AI Challenge

Quality of Data42%

Data Privacy & Protection40%

AI Ethics38%

Quantity of domain-specific data for 
training & fine tuning of LLMs38%

38% AI Governance

58%

58% of those who predict data 
management investment will need 
five or more data management tools 
to support their priorities

Source: CDO Insights 2024: Charting a Course to AI Readiness (Informatica) 

https://www.informatica.com/resources.asset.7695ba27c388fa17127d6cea13d88335.pdf
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Mainframes

1Trust Radius, Data Catalog Software, May 2023
2Trust Radius, Data Integration Tools Software, May 2023

3Trust Radius, API Management Tools, May 2023
4Trust Radius, Data Quality Software, May 2023

5Trust Radius Master Data Management (MDM) Tools, May 2023
6Trust Radius, Data Governance Software, May 2023
7Trust Radius, Data Collaboration Tools, May 2023

DATA 
CATALOG

38+
Vendors1

DATA QUALITY & 
OBSERVABILITY

128+
Vendors4

GOVERNANCE 
& PRIVACY

165+
Vendors6

MDM & 360 
APPLICATIONS

96+
Vendors5

API & APP 
INTEGRATION

134+
Vendors3

DATA
MARKETPLACE

55+
Vendors7

DATA INTEGRATION 
&  ENGINEERING

195+
Vendors2
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The Challenges
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OPTION 1

Data Quality
Ensuring data accuracy, 

completeness, and relevance 
across various sources and 

systems

Data Integration
Adapting existing infrastructure and 

tools to accommodate Gen AI 
requirements

Data Security, 
Privacy, 

& Governance
Protecting sensitive information 

and adhering to data privacy 
regulations



© Informatica. Proprietary and Confidential. 9

Example: Data Quality and Reputation
AI is at risk of bias and poor-quality outcomes unless the data is of high quality

Overpaid homes resulted in 
a $304M inventory write-
down Q3 2021

Zillow Home 
Values Corrupted2 

GenAI used to support a 
new case, at least 6 
cases did not exist

Bad AI → Attorney 
Sanctions2

Amazon's AI recruiting tool 
was found to be biased 
against women, as it 
systematically downgraded 
resumes that included the 
word "women's," such as in 
"women's chess club 
captain.”

Data & AI bias

Used uncleansed X 
(Twitter) interactions for 
training ML models

Within 16 hrs, 95,000 
tweets posted, and rapidly 
turned overtly racist, 
misogynist, and anti-
Semitic

MS Chatbot Spew 
Racist Tweets2

AI used in online chat to 
answer queries, asked to 
ruin business reputation

DPD caused chatbot to 
swear at customer3

NOTE: [2] “Famous Analytics and AI Disasters.” (2023), CIO.com 

NOTE: [1] “Car Buyer Hilariously Tricks Chevy AI Bot Into Selling A Tahoe For $1, 'No Takesies Backsies'.” (2023), HotHardware.com 

NOTE: [3] “DPD error caused chatbot to sweat at customer.” (2023), BBC.com 

https://www.cio.com/article/190888/5-famous-analytics-and-ai-disasters.html
https://hothardware.com/news/car-dealerships-chatgpt-goes-awry-when-internet-gets-to-it
https://www.bbc.com/news/technology-68025677
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Example: AI Laws in a State of Flux - Overview of the 
EU AI Act

First EU regulatory 
framework for AI 
proposed by European 
Commission

Risk Based 
Classification for all 
AI/ML Algorithms in 
EU Organisations

Priority that AI systems 
used in the EU are safe, 
transparent, traceable, 
non-discriminatory and 
environmentally friendly

Source – European Parliament News

Unacceptable Risk

High Risk

Limited Risk

Minimal Risk

Businesses must stay abreast of relevant laws and regulations, such as intellectual 
property rights and data protection, to ensure compliance and mitigate legal risks.

https://www.europarl.europa.eu/news/en/headlines/society/20230601STO93804/eu-ai-act-first-regulation-on-artificial-intelligence#:~:text=In%20April%202021%2C%20the%20European,mean%20more%20or%20less%20regulation.


© Informatica. Proprietary and Confidential. 11

Example: Data Integration at Large Retailer in Australia
7 solutions just to move data around

DatabasesApplication 
Servers 

Documents

Mainframe 

On-Premises

HadoopData 
Warehouse

SaaS

ERP CRM

Streaming

IoT Machine      
Data

SocialLog files

Apps

Mobile

Data Sources

Database replication

Inexistent Data Profiling, Catalog and 

Governance

No Solution for Data 

Sharing

1. On-premises Data Integration
2. Data replication and Ingestion (CDC)
3. Data Ingestion/Integration to S3
4. Streaming
5. Data Transformation and data 

quality through SQL
6. Data pipeline orchestration
7. Data Science & Analytics

Raw data/ 
Internal Stage

Cleansed & 
Enriched data

Modeled Data

Raw data 
zone

Conformed 
data zone

Modeled  
data zone

Data Lake / 
CDW

Data analyst

Data scientist

Business 
intelligence

Solution C

AWS S3 Ingestion

3 Solution D

On premises data
 Integration

Solution A1

5

Data Transformation

Solution F 
* Mostly SQL code

4

Streaming to Snowflake

Solution E

2

7

Code-based data profiling & 

curation

2

Solution G 
* Mostly Python

6

Solution B X

Orchestration
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Modern Data Architecture

DatabasesApplication 
Servers 

Documents

Mainframe 

On-Premises

HadoopData 
Warehouse

SaaS

ERP CRM

Streaming

IoT Machine      
Data

SocialLog files

Apps

Mobile

Data Sources

StreamDatabase

FileApplication

Informatica Data Ingestion & 
Replication

2 2

Data Usage 

Policy

Business 

Glossary

Data 

Workflows

Domain Based 

Access

Key 

Roles

Privacy 

PolicyCloud Data 
Governance

Informatica Cloud 

Data Catalog
Cloud Data 

Marketplace

1. On-premises integration
2. Ingest data into S3 and 

Snowflake
3. Data Curation and 

transformation (ELT)
4. Prepare data for consumption
5. Pushdown optimisation (ELT)
6. Analytics and Query data from 

CDW
7. Orchestration

Raw data/ 
Internal Stage

Cleansed & 
Enriched data

Modeled Data

Informatica 
Data Quality

Informatica Data 
Integration

Informatica 
Data Profiling

Informatica Data 
Integration

Raw data 
zone

Conformed 
data zone

Modeled  
data zone

Model table & 
views

Store aggregates 
via MV’s

Data lake / 
CDW

3

3

4

5

5

Data Analyst

Data scientist

Business 
intelligence

7

7

7

Informatica Data 
Integration

6 Informatica 
Taskflow

1

3

3

4

5

5
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The Data Science Workflow
Streamlined Data Management is the Data Science Supercharger

Model Deploy

Train Predict

Find & 
Understand

Collect

Curate
Feature 

Engineering

Operationalise

Exploratory Data 
Analysis

20%60% 20%

Govern

Secure
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Making Sense of the Generative AI Landscape
Key building blocks and options cloud ecosystems provide

• There are hundreds and hundreds of open 
source and commercial, LLM and SLM models 
available today

• Model-as-a-service provide hosting of models 
and model management and execution 

Model-as-a-Service

DBRX Snowflake
Cortex

Azure
OpenAI

Amazon
Bedrock

Gemini
Ultra

Oracle

MODEL AS A SERVICE

Amazon Q Azure
WebApp

Copilot Microsoft
Teams

Chat Fusion
Apps

FRONTEND / APPLICATION LAYER

Cosmos
DB

Postgres
SQL

Pinecone Azure AI
Search

Amazon
OpenSearch

Snowflake
Vector

Google
BigQuery

VECTOR DATABASE

Oracle 
23ai
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DBRX Snowflake
Cortex

Azure
OpenAI

Amazon
Bedrock

Gemini
Ultra

Oracle

MODEL AS A SERVICE

Amazon Q Azure
WebApp

Copilot Microsoft
Teams

Chat Fusion
Apps

FRONTEND / APPLICATION LAYER

Making Sense of the Generative AI Landscape
Key ecosystem components

• Frameworks for building Generative AI 
applications

• End user collaboration end points that expose 
Generative AI capabilities to their users 
(Microsoft Teams, Microsoft Co-pilots, 
Amazon Q, etc…)

Front End/Application Layer

Cosmos
DB

Postgres
SQL

Pinecone Azure AI
Search

Amazon
OpenSearch

Snowflake
Vector

Google
BigQuery

VECTOR DATABASE

Oracle 
23ai
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DBRX Snowflake
Cortex

Azure
OpenAI

Amazon
Bedrock

Gemini
Ultra

Oracle

MODEL AS A SERVICE

Amazon Q Azure
WebApp

Copilot Microsoft
Teams

Chat Fusion
Apps

FRONTEND / APPLICATION LAYER

Making Sense of the Generative AI Landscape
Key ecosystem components

• Key for RAG use cases to embed other data 
and services into Generative AI conversational 
applications

• Stores vectorized form of data to enable vector 
search to retrieve relevant data as context to 
inference queries

• Some ecosystems have one or more Vector 
Databases, others are offering new Vector 
column types in their database/data lake 
services

Vector Databases/Vectorization

Cosmos
DB

Postgres
SQL

Pinecone Azure AI
Search

Amazon
OpenSearch

Snowflake
Vector

Google
BigQuery

VECTOR DATABASE

Oracle 
23ai
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Enabling Enterprise Generative AI Applications

DBRX Snowflake
Cortex

Azure
OpenAI

Amazon
Bedrock

Gemini
Ultra

Oracle

MODEL AS A SERVICE

Amazon Q Azure
WebApp

Copilot Microsoft
Teams

Chat Fusion
Apps

FRONTEND / APPLICATION LAYER

Azure App
Orchestrator

Amazon Bedrock
Agents

Informatica
CAI

Agent
Builder

Oracle

GEN AI APPLICATIONS

Social Documents Mainframe CRM Databases Machine  Data App Servers ERP

DATA SOURCES

INFORMATICA METADATA 
INTELLIGENCE

Informatica Cloud 
Application Integration

TRUSTED ENTERPRISE DATA SOURCE

Informatica MDM &
360 Application

Informatica Cloud
Data Integration

INFORMATICA DATA ENGINEERING & INTEGRATION

Informatica Cloud
Mass Integration

INFORMATICA SERVICES

Informatica Cloud 
Data Marketplace

Informatica Cloud 
Data Governance

Informatica Cloud 
Data Quality

Informatica Cloud 
Data Catalog

Informatica MDM &
360 Application

Cosmos
DB

Postgres
SQL

Pinecone Azure AI
Search

Amazon
OpenSearch

Snowflake
Vector

Google
BigQuery

Oracle
ADB 23C

VECTOR DATABASE

mangoDBdatabricks
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Emerging Best Practices for Architects

Bringing Enterprise Data to Generative AI
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Modern Data Architecture & 
AI Trends in 2024

▪ Multi-cloud  & Hybrid Data 
Management Platforms

▪ Data Products

▪ RAG & AI Agents

▪ AI Governance

▪ Modern Data Stack 

▪ Data Mesh
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State of Enterprise Data for Gen AI
Grounding Gen AI in Enterprise Data is important

Internet Data

• Majority of data that LLMs are 
trained on is publicly available, 
internet data

• Unstructured and Semi-Structured

• Optimised for Search and 
Retrieval (SEO)

• Accessible to anybody with an 
internet connection

Enterprise Data

• Estimated 90% of the world’s data 
is private data, owned by 
organisations

• Enterprises are more experienced 
with working on structured data

• Not tagged for retrieval

• Subject to role-based access 
control
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Simplified RAG Pipelines
Unstructured
Corpus

Unstructured Data

Structured Data

Prepare Data

Extract

Cleanse

Transform

Chunk

Generate Q&A

Target
Connectors

Vector Database/
RETRO Key-Value PairsEmbeddingsEnterprise Data Sources

Source
Connectors

Generate 
Training Set

• Formats: DOCX, 
PDF, PPT, Email, 
HTML

• Sources: Sharepoint, 
File Servers, Data 
Lakes, Websites, 
Email Servers

Structured
Sources
• APIs, ERP, CRM, 

MDM, DWH, 
Lakehouse, Graph 
Databases

Preprocess
• Extract: Includes metadata, 

layouts, content

• Cleanse: Remove confidential 
data, filter spam/ads/irrelevant 
text, duplicate content

• Transform: Classify, Original Text 
to JSON

Vectorise
• Chunk: Optional step to 

convert long documents to 
manageable chunks

• Embed: Convert text to 
vectors, using embedding 
models

Semantic Store
• Vector DB: Pinecone, Qdrant, 

Elastic

• RETRO: Key Value Stores like 
Mongo

Large Insurance organisation leverages RAG and Informatica MDM to provide contextual responses to customers 
using their AI Chatbot
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Example: User Query with No Context

> 
Prompt

Chatbot Prompt: 
How can I get a Good Driver discount?

> 

1
Prompt Large Language 

Model Endpoint

2

OpenAI, Anthropic, Cohere, Google Gemini, 
MosaicML, Llma

Response:

Response

! 
3

Maintain safe driving record, consider 
defensive course, and bundle policies

• Generic response

• No context based on user

• Response is helpful, but not tailored or contextual
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Prompt + Context Large Language 
Model Endpoint

5

OpenAI, Anthropic, Cohere, Google Gemini, 
MosaicML, Llma

Modern Data Architecture and RAG for Trusted Data & Context 

Master Data 
Management

360 Data Apps Trusted Data + Context

Driver profile, 
telematics, legal 
info, state criteria, 
product 
information (e.g. 
safety features)

Lakehouse

Hybrid SaaS Cloud IoT
Data Sources

& Data Targets
Consumer 
Sources

Data 
Lakes

Data 
Warehouses

Machine 
Data

Message 
Queue

Apps

Continuous 
Updates

M
D

M
 A

P
I

3

> 
Prompt

Chatbot Prompt: 
How can I get a Good Driver discount?

> 

1
Prompt Embedding

Vector 
Database

2

Response:  With no further claims or violations, you 
will be eligible for a Good Driver discount on 2/10/24.

Response

! 
6

Data Source 
Embedding 4

Customer details; Claims 
background; Address; Age; 

Employment status;
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Grounding AI with Trusted Data

> 
Prompt

Chatbot Prompt: What are the requirements to 
get pre-approved for a $400,000 mortgage? > 

1

Prompt + Context

Large Language 
Model Endpoint4
OpenAI, Anthropic, 
Cohere, Google Gemini, 
MosaicML, Llma

Response:  Hello Jill, based on your credit score, account balances and  
spend history, you may qualify for a mortgage of up to $467,200. Additional 
information may be required.  Review your pre-approval and submit 
documents requested for final approval.

Response

5

Data Source 
Embedding

3

Prompt Embedding
Vector 

Database

Multidomain MDM

Retrieval Augmented Generation: Trusted Data + Context

Policy, asset class, 
loan applications, 

credit data

Lakehouse

Hybrid SaaS Cloud IoT
Data Sources

& Data Targets
Consumer 
Sources

Data 
Lakes

Data 
Warehouses

Machine 
Data

Message 
Queue

Apps

Continuous 
Updates

M
D

M
 A

P
I

Credit score, assets and 
liabilities, income, age, 

current address

2

Customer 360

http://www.informatica.com/
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Simplified AI Agent Calling
APIs

APIs

Query

Thought

API Call

Short Term

Long Term

Target
Connectors

Source
Connectors

Learn
From

Outcomes

• API Source Connectors

REACT
• Learn functional calling and tool 

use from API Documentation

• Use OODA Loops while 
inferencing

• New learning approaches also 
use OODA loops to fine tune with 
self play

Memory
• Short Term - Run Trials to 

check outcomes

• Long Term – Identify 
successful patterns to 
learn and store information 
in data lakes for fine tuning

Fine-Tuning Training and
Validation Data
• Data Lake Targets: S3, Other File 

Systems

REACT over API Docs Data LakesLLMEnterprise Data Sources

• AI system queries or "calls" external services or APIs, such as web search engines, knowledge bases, or specialised APIs, to retrieve additional 
information or perform specific tasks. This information are then incorporated into the AI system's response or decision-making process.

• Global Bank in APJ used Informatica’s iPaaS to orchestrate AI agent calling and Google BERT models to build FinServ business processes
• A virtual assistant like Siri or Alexa might use an AI agent calling to retrieve weather information from a weather API, look up movie showtimes 

from a cinema database, or perform calculations using a math API. 
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Simplified Fine-Tuning Pipelines
Unstructured
Corpus

Unstructured Data

Structured Data

Prepare Data

Extract

Cleanse

Transform

Chunk

Generate Q&A

Target
Connectors

Data LakesQ&A LLMEnterprise Data Sources

Source
Connectors

Generate 
Training Set

• Formats: DOCX, PDF, 
PPT, Email, HTML

• Sources: Sharepoint, 
File Servers, Data 
Lakes, Websites, 
Email Servers

Structured
Sources
• APIs, ERP, CRM, 

MDM, DWH, 
Lakehouse, Graph 
Databases

Preprocess
• Extract: Includes metadata, 

layouts, content

• Cleanse: Remove confidential 
data, filter spam/ads/irrelevant 
text, duplicate content

• Transform: Classify, Original Text 
to JSON

Generate Q&A
• Chunk: Optional step to 

convert long documents to 
manageable chunks

• Gen Q&A: Convert text to 
question and answers 
using LLMs

Fine-Tuning Training and
Validation Data
• Data Lake Targets: S3, Other File 

Systems

1. Start with a pre-trained model that has already learned a lot of general knowledge from a large dataset during its initial training.
2. Prepare a smaller, task-specific dataset related to the particular problem you want the model to solve (e.g., customer service dialogues if you want a chatbot, 

or medical images if you want a disease diagnosis model).
3. Load the pre-trained model and continue training it on the task-specific dataset, making adjustments to its knowledge and weights to better fit the new data.
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Simplified Enterprise Architecture for Gen AI

Unstructured Data

Structured Data

Prepare Data

Extract

Cleanse

Transform

Chunk

Embed Target
Connectors

Data Lakes

Embeddings

Enterprise Data Sources

Source
Connectors

Embedding
Models

APIs

Chunk

Generate Q&A

Q&A LLM

Function Call 
Tuning

Vector Database/
RETRO Key-Value Pairs

Target
Connectors

Target
Connectors

Q&A Models

LLM Orchestration Frameworks

Monitoring/Caching/Validation

LLM Serving
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• Trusted, Holistic, & 
Governed Data

• AI Models • LLM Operations

How AI/GenAI Works

• Collection & Preparation
• Augment, Build or Train • Plan, Manage, & Execute

Fit for Use Data Intelligence Value

Insufficient Data Optimise
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AI Reference Architecture
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Prompt Engineering
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Deploy
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Observe
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FinOps

F
it

 f
o

r 
U

s
e

 D
a

ta
C

o
lle

c
ti

o
n

 &
 

P
re

p
a

ra
ti

o
n Data

Storage

Data Discovery

API & Application Integration | Process Automation

Data Integration & Engineering

Data Sharing
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Data Management for AI

Data ConsumersData AnalystBusiness Users Data Scientist Chatbot Copilot GPT based UI
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Hybrid IoT
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API & Application Integration | Process Automation

Data Integration & Engineering
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Lake

Data
Warehouse
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Master
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Prompt Engineering

AI Agent(s) Systems Fine Tuning

Language Models

AI/ GenAI PlatformAmazon
Bedrock

Amazon
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Google AI 
Platform

Azure
OpenAI

API, App, & Data Integration

M
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API, App, & Data Integration

API & Application Integration

LLM Operations
Plan, Manage, & Execute

Deploy

Govern

Observe

Orchestrate

FinOps

ModelServe

Data Governance & Privacy

API & Application Integration

Data Quality & Observability

Data Integration & Engineering



© Informatica. Proprietary and Confidential. 31

V
A

L
U

E
G

O
A

L
D

A
T

A
 M

A
N

A
G

E
M

E
N

T
 

&
 A

I 
S

T
R

A
T

E
G

Y

Our goal is to make the most of our data to drive the journey for our 
members.

“With Informatica, we can now promote data-driven 
journeys across NRMA”

Tenfold boost in productivity with automation; 60% Reduced Data 
Ingestion Time; 98% Less Time For Campaign Delivery; Self -

service functions for democratised data on a modern, single data 
platform for connected, trusted insights

Single data 
platform strategy 
to consolidate all 
data on Google 

Cloud

Driving 
productivity 

with low-code 
modern data 
management

Deliver timely 
access to data, 
automatically
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AI for Data Management & Data Democratisation
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Organisations Require “Fit for Business Use” Data

IMPROVE
CUSTOMER

EXPERIENCE

GROW THE
BUSINESS

COMPLY WITH
REGULATIONS

STRENGTHEN
RISK

MANAGEMENT

INCREASE
BUSINESS
AGILITY

Key Business Imperatives

Your Investments

CLEAN VALIDACCESSIBLE UNDERSTOODGOVERNED

Access to data and 
applications that run 
your business

Clean and trustworthy 
data for business use

Valid and 
authoritative sources 
of the truth across 
systems

Defined policies, 
standards, and 
established controls 
by data stewards 
across your business

Enabling every 
business user to 
get answers about 
the data they use 
every day

Success Requires “Fit for Business Use” Data, and Intelligence & Automation are key enablers

TRANSPARENT

End to end visibility 
into the lineage of 
your data from 
creation to 
consumption
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DATA
ENGINEER

CITIZEN 
CONSUMER

CITIZEN 
ANALYSTS

CITIZEN  
INTEGRATOR

ETL 
DEVELOPER

DATA 
 SCIENTIST

POPULATION

TECHNICAL 
SKILL

TECHNICAL USER BUSINESS USER

Inability to Address the Expanding Breadth of Data Users
P

O
P

U
L

A
T

IO
N

TECHNICAL SKILL

AI-powered data management and experiences
are required to empower this rapidly growing user base

80% of Data Analysts spend around 50% of their 
time cleaning & organising data1

80%
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CLAIRE® copilot - Data Management Intelligence & Automation

DATA 
CATALOG

DATA
MARKETPLACE

API & APP 
INTEGRATION

DATA INTEGRATION 
&  ENGINEERING

DATA QUALITY & 
OBSERVABILITY

GOVERNANCE & 
PRIVACY

MDM & 360 
APPLICATIONS

Intelligent Data Management Cloud

• AI generated 
data pipelines

• Intelligent 
Structure 
Discovery

• Data 
Transformation 
Recommendation

• Data Masking 
Recommendation

• Automated 
Data Quality 
Rule Creation

• AI Powered 
Data Quality 
Insights

• NLP for Data 
Cleansing

• Entity 
Matching & 
Relationship 
Inference

• Automated 
data pipeline 
generation

• Intelligent 
Glossary 
Association

• AI & ML 
powered Data 
Observability

• Inferred Data 
Relationships

• AI Generated 
Data 
Classifications

• Inferred Data 
Lineage

• Automated 
Fulfillment

• Sensitive field 
detection

• Auto generation 
of API

• Auto-match and 
validation of APIs

AUTOMATED AUTOMATED AUTOMATED AUTOMATED AUTOMATED AUTOMATED AUTOMATED
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Develop a unified, trusted source of certified data to better service 
their customers, including students, partners and the community. 

“Informatica’s Customer 360 enables us to have a single 
source of truth, a holistic 360-degree view of data we can trust 

from across our organization for data analytics and insights”

Their AI model can predict within two weeks of a student's 
failure; AI classifies data for privacy regulation; near real -

time insights

Automated Data 
Classification to 

improve data 
governance and 
privacy controls 

Uses AI to 
automate 

onboarding & 
mastering of 

students

Use  trusted 
data to provide 
close to real-
time insights 

Latrobe University
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CLAIRE®: AI-Powered Data Management 

AI-POWERED METADATA INTELLIGENCE AND AUTOMATION

Data Management Automation

CLAIRE® copilot
NATURAL LANGUAGE INTERFACE TO DATA

Generative AI-powered Data Management

CLAIRE® GPT

UNIFIED METADATA
INTELLIGENCE

Customer 

Advisory 

Services

Cross

Platform

Discovery

Metadata

Knowledge

Graph

Active

Metadata

ServiceIntelligent Data Management Autom
atio

n

Metadata
Kernel

CLAIRE®
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Gen AI to Simplify Data Management for All Users
CLAIRE® GPT Possibilities

Business Users

Who are our most valuable customers in 
terms of spending over the last year?

What products or services do customers 
frequently buy together?

What are the trends in customer 
retention rate over the last 4 quarters?

Data Engineers

Where can I find the datasets I need to 
calculate Customer Acquisition Cost 
(CAC)?

Are all the datasets I need to calculate 
CAC connected and accessible?.

Create a pipeline that calculates CAC for 
different marketing channels.

What are the original sources of data for 
the customer retention rate report?.

Explain the lineage for the customer 
retention rate data.

Are there any anomalies or outliers in 
the customer retention rate data that 
need to be investigated?

Analysts
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• Role: Business Analyst at XYZ Retail 
Ltd.

• Objective: Understand Customer 
Behavior,  Analyse Past Orders, and 
Recommend how to Improve 
Revenue

• Strategy: Use data to segment 
customers, identify top performing 
products, and underperforming 
categories

Business Analysis & Revenue
Example Scenario

Step 1: Find & Understand Relevant Data

Step 2: Collect & Ingest Data

Step 3: Prep Data for Analysis, & Find Story Behind Numbers

Identify Data 
Needed

Request 
Customer 

Profile Data

Locate 
Order History 

Data

Get Access 
to Products 

Data

Get Data in a 
Central Place

Data Modelling 
& Integration

Data Quality 
Fixes

Exploratory 
Data Analysis

Customer 
Segmentation

Order Analysis & 
Recommendation to improve 

Revenue

1 Week 1 Week 1 Week 1 Week

2 Weeks 3 Weeks 2 Weeks

2 Weeks 1 Weeks 3 Weeks

T
ra

d
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n
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p
ro
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h
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"With CLAIRE GPT, our joint customers can benefit 
from navigating through vast pools of information, 
rapidly find trusted data, unveil hidden insights, and 
illuminate the intricate relationships between data 
points.”

~Abhiman Matlapudi, Specialist Leader | AI Lead at Deloitte Consulting 
LLP”

Deloitte Consulting
Innovating Customers with Generative AI
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The Impact of GenAI for Data Management
Allowing the World to Speak the Language of Data

Drive Exponential Productivity 
Growth for Your Data Team
Drive exponential growth in productivity 

of your existing data professionals with AI

Data 
for All

Allow everyone in the organisation 
to be data driven, regardless of 

technical ability

Create 
Usable Data

Enable decentralised data producers 
to create, document, catalog, and test 

new data assets



© Informatica. Proprietary and Confidential. 70

Wrap up: 

AI Needs a Modern Data Architecture 

& Data Management Needs AI
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IDMC: AI-Powered Modern Data Architecture

Hybrid SaaS Cloud IoTData SourcesConsumer 
Sources

Data 
Lakes

Data 
Warehouses

Machine 
Data

Message 
Queue

Master Data
Management

Match, Merge, Survivorship
Workflows

Data Marketplace & Data Product API Consumption

360 Data 
Apps

Ingestion /
Replication

Reverse 
ETL

Ingestion /
Replication

Reverse 
ETL

API & App Integration | Process Automation

AI-Powered    |   Unified Metadata    |   Orchestration   |   Elastic   |   Secure 

Other 
Data 
Tools

Data 
Engineer

Citizen IntegratorData Scientist
Data 
Analyst

Business 
Users

ETL DeveloperData Consumers

Warehouse 
Layer

Staging
Layer

Landing 
Area

Mart
Layer

Data Science | Gen 
AI | BI & Analytics | 

Apps | ML

Data 
Warehouse

Operational 
DB

Lakehouse

Data Lake

ELT

Data
Catalog

Scanning

Technical Lineage

Metadata

Classification

Data Discovery

Data 
Governance 

& Privacy 

Policies

Data 
Dictionaries

Business Glossary

Business Lineage 

Data Processes

Collaboration

Workflows

Data Quality & 
Observability 

Profiling

Business Rules

Verification

Quality & 
Observability 

Analytics 

Alerting

Exception Mgmt

Monitoring

Data Access 
Management
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Thank you

Want to Continue the Conversation?

https://www.linkedin.com/in/danielhein1

dhein@informatica.com

Informatica 
Experience 

Lounge

https://www.linkedin.com/in/danielhein1
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